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Do Financial Analysts’ Long-term Growth Forecasts Reflect Effective Effort towards Informative Stock Recommendations?

1. Introduction

This paper investigates whether publication of financial analysts’ forecasts of firms’ long-term earnings growth  (hereafter, LTG) reflects effective effort in a valuation process that makes the analysts’ stock recommendations more informative than the recommendations of other analysts who do not publish LTG forecasts for the same firms. This could occur, for example, because the valuation estimates underlying the recommendations of analysts who do not forecast LTG may rely more on a simple comparables approach rather than rigorous analysis of fundamentals potentially affecting firms’ expected long-term growth and profitability. Our approach to examining the implications of analysts’ LTG forecasts makes an important contribution, because readers of research evidence in prior literature could reasonably infer that analysts’ LTG forecasts are misleading and uninformative. 

Prior literature generally demonstrates that analysts’ LTG forecasts are optimistically biased, grossly inaccurate, and generally meaningless (e.g., La Porta 1996; Chan et al. 2003; Barniv et al. 2009).
 Previous research also suggests that LTG forecasts reflect analysts’ opportunistic incentives to stimulate investment banking business and generate trading commissions (e.g., Lin and McNichols 1998; Dechow et al. 2000; Cowen et al. 2006). Using consensus recommendations and LTG forecasts, Bradshaw (2004) documents that analysts’ LTG forecasts largely explain the variation in their stock recommendations, but investment strategies based on these recommendations do not generate positive stock returns.
 Bradshaw (2004) and, more recently, Barniv et al. (2009)  report that LTG forecasts are negatively related to future excess returns, confirming the results of La Porta (1996). In addition, Liu and Thomas (2000) find that LTG forecast revisions add little to revisions in forecasts of current year and next year earnings in explaining the variation in annual returns.
 Hence, the prior literature suggests that analysts’ LTG forecasts potentially lead investors astray. Perhaps consequently, it seems that LTG forecast accuracy is not related to analysts’ compensation (Dechow et al. 2000).

Overall, the extant literature implies that LTG forecasts do not come from a sophisticated process that provides investors with useful information about firms’ long-term earnings prospects, nor does LTG forecasting ability appear to be associated with analysts’ compensation-related incentives. What remain puzzling, but unexplored is why investors are consistently misled by LTG forecasts over many years (e.g., La Porta 1996; Barniv et al. 2009); and why any or not all analysts issue LTG forecast or make them publicly available, and most puzzling of all, why stock analysts would invest significant effort in a process of producing seemingly nonsensical LTG forecasts and use them in formulating stock recommendations (Bradshaw 2004; Ke and Yu 2007). Our paper addresses these issues and takes a new approach to investigating the value-relevance of the process underlying analyst production of LTG forecasts.
We argue that analysts who choose to make their LTG forecasts available on the I/B/E/S database are more likely to invest significant effort in longer-term forecasting and tend to have greater ability in forecasting long-term performance.
 Thus, we predict that other summary metrics relying on estimates of long-term performance and published by the same analysts are more informative. 

Prior studies mainly focus on the sample consisting of only firms with LTG forecasts available and investigate the value-relevance of LTG forecasts per se. In contrast, we investigate whether publication of LTG forecasts reflects effective effort to produce long-term oriented information that enhances the value-relevance of the analysts’ stock recommendations. We choose stock recommendations as the focus of our study, because they represent the ultimate product of analyst research (Schipper 1991) and their value depends on effective analysis of the subject firm’s prospects for long-term profitability. In other words, we view LTG forecasts as reflective of a useful long-term orientation in analysts’ development of their recommendations. Given prior evidence that short term earnings growth rates lack persistence and that long-term earnings growth is difficult to predict (Chan et al. 2003), we expect substantial variation in the degree to which analysts’ stock recommendations effectively incorporate estimates of long-term performance. Therefore, we hypothesize that analyst’s publication of LTG forecasts signals their investment in a process that produces stock recommendations incorporating superior forecasts of firms’ future performance. 

We take two approaches to testing the informativeness of stock recommendations produced by analysts who also provide LTG forecasts at the time of or shortly before the publication of their stock recommendations. We examine the three-day market response to the analyst’s recommendation revisions, and the profitability from trading on the analyst’s stock recommendations. We show that the stock market reaction is stronger to recommendation revisions accompanied or preceded by LTG forecasts than to other recommendation revisions. Trading profit from following recommendations is also higher for those accompanied or preceded by LTG forecasts. Our evidence supports the joint hypothesis that LTG forecasts reflect more effort by analysts in forecasting longer-term performance and more success in doing so. In other words, we interpret these results as consistent with our argument that issuance of LTG forecasts reflects an underlying process whereby analysts effectively gain a long-term perspective of the firm’s prospects and that long-term perspective leads to more value-relevant stock recommendations.
We also examine how analysts’ effort in issuing LTG forecasts affects analysts’ subsequent career outcomes. We hypothesize and find that analysts issuing LTG forecasts are less likely to be demoted or terminated for employment in the profession, consistent with such analysts’ effective effort in making more value-relevant recommendations. 

All of our results are robust to various other analyst and firm characteristics that could affect analysts’ LTG forecasting decisions and the value-relevance of recommendations. The results on market response to recommendation revisions and profitability from trading on analysts’ recommendations are also robust to controlling for analysts’ issuance of forecast for the two- through five-year ahead earnings. Overall, we show that LTG forecasts reflect an effective long-term forecasting orientation underlying more informative stock recommendations, the ultimate product of analyst research. And analysts’ effort in issuing LTG forecasts is rewarded with higher job security. Further, our paper suggests that LTG forecasts are meaningful in the context of capital market’s resource allocation, manifested by more profitable trading when investors follow the stock recommendations of analysts who also make their LTG forecasts available in I/B/E/S.   

Our study is different from Bradshaw (2004) in that he examines stock analysts following the same firm as a group and thus, uses stock recommendations at the consensus level (i.e., firm level). In contrast, we analyze the variation between analysts in their long-term orientation or effectiveness in applying long-term information as reflected in recommendations. Our analysis requires careful examination of individual analyst characteristics. If analysts who do not make LTG forecasts can observe and mimic the information incorporated in the LTG forecasts issued by other analysts, the power of our tests declines. 
Our study contributes to the literature in several ways. First, prior literature presents a puzzle: despite the undue optimism in LTG forecasts, investors and analysts still use them in investing decisions and in making their recommendations, respectively (e.g., Claus and Thomas 2001; Dechow et al. 2000; Bradshaw 2004). Instead of viewing LTG forecasts as given or as driven by opportunistic behavior, we hypothesize and find that the issuance of LTG forecast reflects the effectiveness in applying long-term information in recommendations, justifying the reliance on them by both investors and analysts. Due to the long-term orientation of LTG forecasts, value-relevant information developed to support LTG forecasts should be reflected in other long-term summary metrics, such as stock recommendations (Ke and Yu 2007). However, little is known about whether the effort in forecasting LTG affects the value-relevance of recommendations. Our research is the first to directly investigate this question. 
Second, several recent studies examine how to select better analysts in terms of investment value of stock recommendations. One example is whether analysts with greater reputation (i.e., higher institutional investor ranking) make better recommendations (e.g., Leone and Wu 2007; Fang and Yasuda 2009). We show that the issuance of LTG forecasts signals greater analyst long-term forecasting ability, which enhances the value-relevance of their stock recommendations. Thus, our study also contributes to research identifying skillful analysts. We identify a readily available and easily observable factor that can distinguish the value-relevance of stock recommendations of two groups of analysts: those that issue and those that do not issue LTG forecasts.
Third, besides demonstrating the importance of the long-term orientation underlying analyst publication of their LTG forecasts, our study also explains why less capable analysts do not mimic more capable analysts by simply issuing LTG forecasts to reduce the likelihood of job termination or demotion. On the one hand, as it requires observation of multiple future years’ earnings realizations to verify the accuracy of LTG forecasts and this accuracy is not used in analysts’ performance evaluation, mimicking would seem to have low cost to analysts and low transparency to investors. However, if investors realize that stock recommendations reflect information used to generate LTG forecasts, they can infer analysts’ long-term forecasting ability from the quality of their stock recommendations, thus discouraging the low-ability type from mimicking. 
The remainder of this paper proceeds as follows. Section 2 develops our hypotheses. Section 3 describes the research design, while section 4 contains the sample selection procedure and empirical results. Section 5 provides supplementary tests and section 6 offers concluding remarks.

2. Hypothesis development

As described in the introduction, prior research documents that LTG forecasts issued by analysts are highly inaccurate and optimistically biased.
 Although the extant literature does not directly investigate why some analysts choose to issue these forecasts, empirical evidence in early studies suggests that the issuance of optimistic LTG forecasts reflect analysts’ incentives to maintain client relations (Lin and McNichols 1998) or generate trading commissions (Cowen et al. 2006). Despite the seemingly uninformative LTG forecasts and opportunistic incentives associated with issuing them, stock prices do not seem to adjust for the optimism (Dechow et al. 2000), leading to negative future stock returns for firms with high LTG forecasts (La Porta 1996; Bradshaw 2004). In addition, analysts use LTG forecasts in formulating stock recommendations (Bradshaw 2004; Ke and Yu 2007). The evidence of the stock market consistently responding to seemingly nonsensical information and analysts’ use of it in formulating stock recommendations implies irrationality of the market and stock analysts. 

Prior studies (e.g., La Porta 1996) focus on only firm with LTG forecasts available and examine the (long-term) stock market reaction to LTG forecasts per se based on firm-level LTG forecasts. We address the same question – whether LTG forecasts are meaningful, but take a different approach – whether LTG forecasts reflect a meaningful long-term orientation component of analyst research underlying their stock recommendations. We hypothesize that LTG forecasts incorporate underlying value-relevant analyst research that enhances the informativeness of other long-term oriented metrics issued by the same analysts; in particular, their stock recommendations. 

Our hypothesis is developed as follows. First, the limitation of analysts’ time, effort, and resources and greater difficulty in forecasting longer-term performance imply that forecasting LTG is costly. Everything else equal, LTG issuance would be more costly for less able analysts. The empirical evidence that LTG forecasts issued by Value Line analysts are more accurate than several other metrics computed by Rozeff (1984) and the fact that not all analysts publish LTG forecasts support the view that producing and reporting LTG forecasts are costly activities.
 
Second, LTG forecasts are likely inputs to other summary metrics that incorporate long-term oriented information beyond the information in the LTG forecasts themselves. If investors perceive the issuance of a LTG forecast as reflecting the analyst’s information advantage about a firm’s long-term performance prospects, they would likewise expect this information advantage to be reflected in these other summary metrics. Prior studies (e.g., Bradshaw 2004; Ke and Yu 2007) show that analysts’ recommendations are based on both short-term and long-term information. Since stock recommendations are the ultimate product of analysts’ research (Schipper 1991), we thus choose stock recommendations as the focus of our study. 

2.1. The effect of LTG forecast issuance on the value-relevance of stock recommendations
We expect that analysts forecasting LTG engage in a process that uncovers information about a firm’s long-term prospects and this information adds value to their stock recommendations.  Thus, we expect that analysts with LTG forecasts make stock recommendations of greater value-relevance, which we examine in two ways. First, if recommendations of analysts with LTG forecasts are more informative, we expect the stock market to react more favorably (unfavorably) to the recommendation upgrades (downgrades) of those analysts. We call this the contemporaneous market reaction hypothesis. Second, the value of stock recommendations can be reflected in the profitability of a trading strategy based on the recommendations. Research shows that following the recommendations of selected analysts produces abnormal trading profits (Loh and Stulz 2009). If the publication of LTG forecasts reflects effective development of information about a firm’s long-term prospects, we expect that investors following the recommendations of analysts who publish LTG forecasts earn abnormal trading profits. The hypothesis based on profitability of trading strategy complements the contemporaneous market reaction hypotheses because a short-term (i.e., three-day) stock market reaction to recommendations also reflects the timeliness of recommendations while trading profits are not necessarily related to the timeliness.
 This leads to the following two hypotheses on the relation between LTG forecasts and the value-relevance of stock recommendations:  
H1a: The stock market reacts more strongly to revision in stock recommendations distributed by analysts that also issue LTG forecasts. 

H1b: Investments based on the stock recommendations of analysts who also issue LTG forecasts generate greater trading profits than investments based on the recommendations of other analysts.
2.2. The effect of LTG forecast issuance on analysts’ subsequent career outcomes
If LTG forecast issuance indeed reflects analysts’ effective effort towards making more value-relevant recommendations, we expect analysts to be rewarded for their effort, as reflected in higher compensations and/or favorable subsequent career outcomes. Since we can’t directly observe stock analyst compensation, similar to the literature (e.g., Mikhail et al. 1999; Hong and Kubik 2003), we focus on how the issuance of LTG forecasts influences analyst’s career outcomes. We hypothesize that analysts that issue LTG forecasts are more likely to be promoted, less likely to be demoted or terminated for employment in the profession.  

H2: Among analysts that issue stock recommendations, those that also issue LTG forecasts are more (less) likely to be promoted (demoted or terminated).
3. Models
3.1 Models for tests of H1a and H1b – contemporaneous market reaction to recommendation revisions and trading profit from following recommendations

We implement two separate tests to investigate H1a and H1b on the value-relevance of analyst effort underlying the production of LTG forecasts, as reflected in investors’ response to recommendations.  For H1a, we compare the three-day market response to recommendation revisions of analysts that also issue LTG forecasts with the market response to recommendation revisions of analysts that do not issue LTG forecasts.  For H1b, we compare the profitability from trading on stock recommendations (over holding periods extending over the lesser of 30 days or until the subsequent recommendation revision by the same analyst) for analysts issuing LTG forecasts along with their stock recommendations versus analysts issuing stock recommendations without corresponding LTG forecasts.  

Equation (1) tests H1a. It controls for other factors that may affect the value-relevance of stock recommendations, including the timing of recommendation issuance (HORIZON), analyst characteristics, and firm characteristics. Industry dummies constructed following Fama and French (1997) and year dummies are also included to control for industry and year effects on our results. 
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where:

CARijt = cumulative abnormal stock return over the three trading days surrounding analyst j’s stock recommendation revision for firm i in year t. We calculate CAR by subtracting the value-weighted market return from the firm’s raw stock return. For recommendation downgrades, we multiply this difference by -1.

|(RECijt| = the absolute magnitude of changes in the cardinal measures of recommendations. Recommendations of “Strong buy”, “Buy”, “Hold”, “Underperform”, and “Sell” are assigned numeric values of one to five, respectively.

LTGISSijt = 1 if analyst j issues a LTG forecast for firm i during the half year ending on the day of recommendation revision, and 0 otherwise.

HORIZONijt= the number of days between the date of analyst j’s recommendation and the firm’s announcement of its annual earnings for fiscal year t.

ANALYST CHARACTERISTIC denotes seven variables explained below. 

CFISSijt = 1 if analyst j issues a cash flow forecast for firm i during fiscal year t.

FIRM#jt = the number of firms analyst j follows in fiscal year t.

IND#jt = the number of industries analyst j follows in fiscal year t. 

BSIZEjt = analyst j’s broker size, measured as the number of analysts the broker employs in fiscal year t. 

FIRM_EXPijt = analyst j’s firm-specific experience, calculated as the number of years analyst j has issued one-year-ahead earnings forecasts for firm i up to fiscal year t. 

EPS_ACCURij,t-1 = the forecast accuracy of analyst j's last one-year ahead earnings forecast for year t-1. It is a scaled measure of absolute forecast error with smaller absolute forecast error corresponding to more accurate forecast. Equation (3) demonstrates the scaling mechanism. 


EPS_FREQijt = analyst j's one-year-ahead earnings forecast frequency for firm i in fiscal year t.
FIRM CHARACTERISTIC denotes six variables explained below.

MBit = firm i’s market value of equity in fiscal year t divided by book value of equity #199*#25/#60). 

ALTMANZit = Altman’s (1968) Z-score. It is measured as [1.2* net working capital / total assets (data179 / data6) + 1.4* retained earnings / total assets (data36 / data6) + 3.3* earnings before interest and taxes / total assets (data170 / data6) + 0.6* market value of equity / book value of liabilities (data199*data25 / data181) + 1.0* sales / total assets (data12/data6)]. 

LOSSit = 1 for firms with net loss in year t, and 0 otherwise (data18). 

AGEit = the number of years firm i has been publicly traded, computed as subtracting the first year firm i’s stock return is recorded in CRSP from year t.

lnMVit = the natural log of firm i’s market value at the end of year t (data25* data199). 

%INSTit = the percent of firm i’s common shares held by institutional investors in year t.
HORIZONijt, FIRM#jt, IND#jt, BSIZEjt, FIRM_EXPijt, EPS_ACCURij,t-1, and EPS_FREQijt are scaled to fall between 0 and 1 within the same firm-year as defined below (Clement and Tse 2003), collectively denoted R_ANALYST CHARACTERISTIC in model (1). Except EPS_ACCURij,t-1, all independent variables are scaled as shown in equation (2).
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where, 

MAX (RAW MEASURE OF VARIABLEit) and MIN (RAW MEASURE OF 

VARIABLEit) are, respectively, the maximum and minimum value of each independent 

variable measured among all analysts that follow firm i in year t.

EPS_ACCURij,t-1 is scaled to fall between 0 and 1, following equation (3), with 1 corresponding to the most accurate forecast and 0 to the least accurate forecast.
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Where, 

MAX(|FORECAST ERRORi,t-1|) and MIN(|FORECAST ERRORi,t-1|) are the maximum and 

minimum absolute earnings forecast errors, respectively, for analysts following firm i in year t-1.
HORIZON controls for the amount of information available to investors that varies with time.  We include analyst characteristics to control for factors that are associated with LTG forecast issuance and any variation of investors’ perceptions of the value-relevance of recommendations with analysts’ constraints in time, effort, and resources, and their experience, expertise, and effort. Thus, these controls mitigate concerns about correlated omitted variables.  For example, as shown in section 4 below, stock analysts working for larger brokerage firms are more likely to issue LTG forecasts.  Our measures of analyst characteristics follow the literature (e.g., Clement 1999; Jacob et al. 1999; Clement and Tse 2003). We use the number of firms (FIRM#) and industries (IND#) each analyst follows as proxies for time and effort constraints, and the number of analysts employed by a brokerage firm (BSIZE) to proxy for resources available to an analyst. FIRM_EXP indicates analysts’ company-specific experience. We use the analyst’s past forecasting accuracy (EPS_ACCUR) to measure expertise that is not directly related to experience (e.g., innate forecasting ability). Earnings forecasting frequency (EPS_FREQ), proxies for an analyst’s effort in following a company. 

Firm characteristics control for the variation of market response to analysts’ recommendation announcements among firms. For example, large or old firms may have richer information environment, and thus, weaker response to revisions of stock recommendations. Market-to-book (MBit-1), financial distress (ALTMANZit-1), firm age (AGE it-1), firm size (lnMVit-1), and institutional holdings (%INSTit) are scaled to fall between 0 and 1 within the same analyst-year using equation (2). In addition, similar to the inclusion of analyst characteristics, the omission of related firm characteristics could bias the coefficient on LTGISS if stock analysts selectively issue LTG forecasts for firms with certain characteristics. 

A positive β1, the coefficient on the interaction of |(RECijt| and LTGISS supports the hypothesis that investors perceive analysts issuing LTG forecasts as having more information about a firm’s long-term prospects and respond more strongly to recommendations issued by these analysts. 
Equation (4) is used to test H1b. Trading profit from following an analyst’s recommendation is measured with market-adjusted stock returns based on a trading strategy that buys stocks with analyst “Buy” or “Strong Buy” recommendations and sells stocks with analyst “Hold,” “Sell,” or “Strong Sell” recommendations. Similar to equation (1), it controls for HORIZON of recommendation, analyst characteristics and firm characteristics.
FUTURE_CARijt = β0 + β1LTGISSijt + β2HORIZONijt + 
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where:

FUTURE_CARijt = market-adjusted stock returns over the lesser of the 30-day period from the recommendation issuance date or until the subsequent recommendation revision by the same analyst (e.g., Ertimur et al. 2007). For “Hold,” “Sell,” or “Strong Sell” recommendations, we take the negative of the cumulative market-adjusted returns.

LTGISSijt = 1 if analyst j issues a LTG forecast for firm i during the half year ending on the day of recommendation issuance, and 0 otherwise.

Other independent variables are as previously defined.

Similar to equation (1), we include analyst and firm characteristics to control for factors which may affect both the likelihood of LTG forecasts and investors’ response to stock recommendations related to these characteristics. A positive coefficient on LTGISSijt in equation (4) supports a higher profit from trading on recommendations by analysts that also issue LTG forecasts, consistent with LTG forecasts reflecting effective effort to gain long-term perspective that informs and adds value to the stock recommendations of these analysts.

3.2 Models for tests of H2 – analyst career outcomes

To test whether issuing LTG forecast affects an analyst’s subsequent career path, we use the following model: 

Probability (CAREER OUTCOMEj,t+1) = β0 + β1LTGISSjt + β2EPS_ACCURjt + β3BOLDjt + β4LNEXPjt + β5LN#FIRMjt + β6LN#ANALYSTjt + εjt    
        

           
(5)
Where, 
Year t is defined as a period between July 1 of year t-1 and June 30 of year t. Year t+1 is 
defined analogously.  
CAREER OUTCOMEj,t+1 = analyst j’s career outcome in year t+1, including being promoted 

(PROMOTIONj,t+1), demoted (DEMOTIONj,t+1), or terminated for employment 

(TERMINATIONj,t+1). 

PROMOTIONj,t+1 = 1 if analyst j works for a small brokerage house in year t and works for a 
large brokerage house in year t+1, and 0 otherwise. A large brokerage house is one that employs more than 
25 analysts. Otherwise, it is classified as a small brokerage house (Hong et al. 2000).
DEMOTIONj,t+1 = 1 if analyst j works for a large brokerage house in year t and works for a 
small brokerage house in year t+1, and 0 otherwise.
TERMINATIONj,t+1 = 1 if year t+1 is the last year analyst j’s earnings forecast appears in IBES, 

and 0 otherwise.

LTGISSjt = 1 if analyst j issues LTG forecast for any firm during year t, and 0 otherwise.

EPS_ACCURjt = the average accuracy rank of analyst j’s last annual earnings forecast for 
firms followed in year t. The accuracy of the last annual earning forecast for each 
firm followed by analyst j in year t is ranked among all analysts following the same firm in year t using 100 -
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 (Hong et al. 2000).  
BOLDjt = the average boldness rank of analyst j’s first annual earnings forecast for all firms 
followed in year t. Boldness of each earnings forecast equals the absolute deviation 
between analyst j’s earnings forecast and the mean of all other analysts’ earliest 
earnings forecasts for the same firm and year. It is then ranked among all analysts 

following the same firm in year t based on 
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. The ranks are then averaged among all firms followed by analyst j.
LNEXPjt = the logarithm of the number of years since analyst j first issued one-year ahead 
earnings forecast for any firm by year t. 
LN#FIRM = the logarithm of the number of firms followed by analyst j in year t.
LN#ANALYST = the logarithm of the average number of analysts following the firms covered 

by analyst j in year t.

When the dependent variable is PROMOTIONj,t+1 (DEMOTIONj,t+1 or TERMINATIONj,t+1), a positive (negative) coefficient on LTGISSjt supports our hypothesis that the effort in issuing LTG forecast is rewarded with favorable career outcomes. Our measures of career outcomes are consistent with the literature (e.g., Hong et al. 2000; Ke and Yu 2006; and Leone and Wu 2007). The literature documents that earnings forecast accuracy (EPS_ACCURjt), boldness of earnings forecast (BOLDjt), and analyst’s experience (LNEXPjt) are related to career outcomes. We therefore include them as control variables. Given the ways forecast accuracy and boldness are measured, analysts that follow firms with thin coverage or follow few firms are more likely to have extreme values of the two measures (Hong et al. 2000). Thus, we also control for the number of forms followed by an analyst (LN#FIRMjt), and the average number of analysts following for the firms the analyst follows (LN#ANALYSTjt). In addition, including these variables controls for their correlation with LTG forecast issuance. For example, Bradshaw (2004) documents that firms with intensive analyst coverage are more likely to have a LTG forecast.  
4. Data, descriptive statistics, and empirical results 
4.1 Data 
We collect earnings forecasts, LTG forecasts, stock recommendations, and other analyst-related variables from the I/B/E/S database. Data on all firm characteristics are obtained from COMPUSTAT except institutional investors’ holdings data, which are from Thomson Reuters. Data on stock returns are available from CRSP. As recommendation data are available from 1993, and we require one lagged year in measuring recommendation revisions, our data span the period from 1994 to 2006. To provide a cleaner setting for tests of the market reaction to recommendation revisions, if two or more analysts have the same current recommendations on the same day for the same firm and the same prior recommendations, we remove them. This procedure strengthens the controls for the effects of certain analyst characteristics on the stock market reaction to the recommendation announcement. Similarly, for the tests of trading profit from following analysts’ recommendations, if two or more analysts distribute favorable recommendations (including “buy” and “strong buy”) or unfavorable recommendations (including “Hold”, “Sell”, and “Strong sell”) on the same day for the same firm, we remove all those recommendations. 
 The final sample for the tests of contemporaneous stock market reaction to recommendation revisions (for the tests of profitability from trading on analysts’ recommendations) consists of 33,275 recommendation revisions by 3,315 analysts for 2,044 firms (42,165 recommendations by 3,588 analysts for 2,274 firms) during the period from 1994 to 2006. For the tests of career path, we further require data on the size of brokerages an analyst works for in both the current and subsequent years. The final sample for these tests is 22,786 analyst-year observations.  
Figure 1 depicts the percentage of firms, analysts, and firm-analysts with LTG forecasts by year based on our sample. The percentage for analysts and firm-analysts is almost flat, ranging from 38% to 50% for analysts and 25% to 35% for firm-analysts. The percentage of firms with LTG forecasts increases over time, from 38% in 1994 to 57% in 2006. The overall stable trend for LTG availability is in contrast to the component forecasts whose availability in I/B/E/S dramatically increases in recent years. For example, Figure 1 shows the dramatically increasing trend of cash flow forecast availability by firm and firm-analyst on the I/B/E/S database (also see DeFond and Hung 2003). Further analysis shows that among sample firms (firm-analysts) with a LTG forecast in any sample year, 87% (93%) have a LTG forecast in all sample years. Thus, LTG forecasts are unlikely to suffer from any bias associated with any change in I/B/E/S’ data input process or brokerage houses’ data output process. As not all firm-analysts have recommendations, in Panel B of Figure 1, we also display the distribution of LTG forecast over time among all firms with one-year ahead earnings forecasts in I/B/E/S. As compared with Panel A, the distribution of LTG forecast is more stable over time, confirming our conclusion above based on Panel A.  

4.2 Empirical results on the effect of LTG forecast issuance on the value-relevance of stock recommendation
4.2.1 Descriptive statistics

Panels A and B of Table 1 present descriptive statistics of variables used in testing H1a and H1b separately for observations with and without LTG forecasts. The statistics in the two panels are based on the 33,275 recommendations that have preceding recommendations by the same analyst for the same firm and other firm and analyst characteristics required by the tests. First, panel A shows that out of all recommendation observations, only 28% (9,305 out of 33,275) are accompanied or preceded by LTG forecasts. On average, recommendations (i.e., REC) with LTG forecasts are more favorable than those without LTG Forecasts, but the median value is similar between them. The average stock market reaction to revisions in recommendations accompanied by LTG forecasts is significantly higher than the average reaction to those unaccompanied by LTG forecasts (3.4% vs. 3%), supporting H1a. Inference based on the medians is similar (2.1% vs. 1.8%). 

At the analyst-year level, analysts forecasting LTG work for larger brokerage houses, cover fewer firms and fewer industries, suggesting that to some extent, the issuance of LTG forecasts is negatively related to time and effort constraints and positively related to resources available to an analyst. CFISS, a dummy variable indicating the availability of a cash flow forecast in I/B/E/S is significantly lower for recommendations with LTG forecasts, suggesting that analysts’ decisions to issue a LTG forecast is distinct from decisions related to forecasting earnings components. Finally, at the firm-year level, analysts following younger but larger and profitable firms with lower probability of bankruptcy are more likely to make LTG forecasts. The differences in firm characteristics and analyst characteristics dissected by LTG forecast availability highlight the importance of controlling for these characteristics in the tests that follow.

Table 1, Panel B provides two-way Pearson and Spearman correlation coefficients for the various combinations of control and test variables. The correlations between LTGISS and other variables are generally consistent with Panel A. LTGISS is positively correlated with CAR, again supporting our hypotheses. On the other hand, CFISS is not positively (in fact, negatively) correlated with CAR, reinforcing our argument that LTG issuance is an activity distinct from the issuance of other earnings component forecasts. The low to modest correlations among independent variables to be used in the models mitigate concerns about multi-collinearity. 

4.2.2 The effect of LTG forecast issuance on contemporaneous market reaction to stock recommendation revisions

Results of estimating equation (1) are presented in Table 2. The coefficient on |∆RECijt|·LTGISSijt, the interaction between the magnitude of recommendation revision and a dummy variable for LTG forecast issuance is significantly positive (p-value = 0.017), indicating that the stock market reaction to recommendation revision is stronger for analysts with LTG forecasts than for other analysts. The result supports H1a that recommendations accompanied with LTG forecasts by the same analyst are more value-relevant as reflected in a stronger market reaction. The coefficient on |∆RECijt|·CFISSijt, the interaction variable between the magnitude of recommendation revision and a dummy variable for cash flow forecast issuance is also positive, but insignificant (p-value = 0.172), implying that the stock recommendations of analysts issuing cash flow forecasts do not have as much of an informational edge as the recommendations of analysts making LTG forecasts. All the interaction terms of analyst characteristics with |∆RECijt|, except for IND#, are insignificant, further highlighting the importance that forecasting long-term oriented information has for the value-relevance of stock recommendations. The coefficient on |∆RECijt|·IND#jt is significantly negative (p-value = 0.022), meaning that investors place less weight on recommendations of analysts with more time and effort constraints (i.e., analysts following firms in different industries). In addition, analysts’ experience (FIRM_EXP) and brokerage size (BSIZE) do not seem to play a role in increasing the value-relevance of recommendation revisions. 
To control for information reflected through other long-term oriented analyst forecasts and distinguish LTG forecast from them, we also include controls for whether a recommendation is accompanied or preceded by an issuance of a two- to five-year ahead earnings forecast (EPSISSkijt) and their interactions with recommendation changes. Including these variables does not change the results. 
4.2.3 The effect of LTG forecast issuance on trading profits from following stock recommendations
Results of estimating equation (4) are reported in Table 3. The coefficient on LTGISS is significantly positive (p-value =0.012), supporting H1b that recommendations of analysts issuing LTG forecasts are more value-relevant. Trading profit from following recommendations accompanied with LTG forecasts by the same analyst is also economically significant. For analysts and firms with the lowest level in the characteristics specified in Table 3, trading profit (before considering trading costs) from following recommendations of those accompanied with LTG forecasts is more than twice of that from following recommendations not accompanied with LTG forecasts by the same analyst. Specifically, the sum of the intercept and the coefficient on LTGISS is 0.682, more than twice of the intercept at 0.269.

According to the results in Table 3, some analyst characteristics also enhance the value relevance of recommendations. Coefficients on BSIZE (brokerage size), FIRM_EXP (analyst’s firm specific experience), and EPS_FREQ (the frequency of one-year-ahead earnings forecasts in fiscal year t) are all significantly positively related to trading profit from following stock recommendations, suggesting that stock recommendations by (i) analysts working for larger brokerage houses, (ii) more experienced analysts, and (iii) analysts inputting more effort have higher investment value. When the values of BSIZE, FIRM_EXP, and EPS_FREQ increase from the minimum to the maximum level, the magnitude of all these coefficients is comparable to and a little higher than that of the coefficient on LTGISS. However, from the perspective of an investor looking for a simple indicator of which analyst recommendations to follow, compared to other analyst characteristics, identifying recommendations that issued shortly after a LTG forecast by the same analyst is relatively straightforward. 
Similar to the test of the contemporaneous market reaction to recommendation changes, we also include controls for whether a recommendation is accompanied or preceded by the issuance of a two- to five-year ahead earnings forecast. Results are unchanged.
4.3. Empirical results on the relation between LTG forecast issuance and analysts’ subsequent career outcomes

4.3.1 Descriptive statistics

Table 4, Panel A presents descriptive statistics for the 24,775 analyst-year observations used in testing H2. The larger number of analyst-year observations than that in Table 1 is due to the requirement of firm characteristics used in testing H1.
 On average, analysts that issue LTG forecasts have significantly lower percentage of job termination or promotion in the subsequent year. Note that analysts working for large brokerage houses are more likely to issue LTG forecasts. Due to the definition of promotion and demotion, analysts working for a large (small) brokerage house have no possibility of being promoted (demoted), which could induce a seemingly negative relation between LTG issuance and the likelihood of promotion. We control for these effects in the multi-variate tests below. In this sample, analysts with LTG forecasts also issue more accurate and less bold earnings forecast, have longer general experience, and follow more firms. In addition, analysts with LTG forecasts tend to cover firms with higher analyst coverage (LN#ANALYST). Correlation results in Panel B are generally consistent with those in Panel A. 

4.3.2 Multi-variate test

Results of estimating equation (5) are presented in Table 5. Consistent with the descriptive statistics in Table 4, LTG forecast issuance is related with a significantly smaller likelihood of job termination and demotion. For analysts issuing LTG forecast, job termination and demotion odds are 84.7% and 79.4%, respectively, of the odds for analysts who do not issue a LTG forecast. There is no significant difference in the promotion odds between the two groups of analysts.
 Thus, the evidence implies that the effort in issuing LTG forecasts is rewarded with higher likelihood of job survival and lower likelihood of demotion, supporting H2.

5. Supplemental tests

5.1. The variation of stock recommendations’ informativeness with LTG forecast issuance in the pre- and post-Regulation FD periods

We also examine the informativeness of LTG forecast in the pre- and post-Regulation Fair Disclosure (hereafter, Reg FD) periods. If Reg FD indeed levels the playing field for analysts by providing equal access to management information, the difference in the informativeness of analyst forecast issued by more capable analysts and other analysts would be larger in the post-Reg FD period. Thus, if LTG forecast reflects more effective effort towards issuing stock recommendations, the variation of the recommendations’ informativeness with LTG issuance would be larger when analysts cannot have privileged access to management information to compensate for their lack of ability to forecast a firm’s future prospects. We explore whether the informativeness of recommendations varies to a larger extent with LTG issuance in the post-Reg FD period by re-estimating models (1) and (4) separately for the pre- and post-Reg FD periods. 

First, we test whether contemporaneous stock market reaction to recommendation revisions is more significant after Reg FD. If recommendations with LTG forecasts are more value-relevant after Reg FD, the stock market reaction to recommendation revisions will be stronger in the post-Reg FD periods. Results are shown in panel A of Table 6. The number of observations in the pre-Reg FD (post-Reg FD) is 13,744 (19,513) recommendation revisions. Consistent with our prediction, the coefficient on |∆RECijt|·LTGISSijt is only significantly positive in the post-Reg FD period (coefficient = 0.568, p-value = 0.037). Thus, only in the post-Reg FD period, the stock market reaction is significantly larger for recommendation revisions accompanied by LTG issuance than for other recommendations. However, the difference in the coefficient on |∆RECijt|·LTGISSijt between pre-Reg FD and post-Reg FD is not statistically significant, with a p-value at 0.566. 
We also test whether the higher trading profitability based on stock recommendations accompanies with LTG forecasts compared to those without is more significant in the post-Reg FD. Results are presented in Panel B of Table 6. The number of recommendation observations between the pre- and post-Reg FD periods is well balanced (19,553 vs. 22,597). Results show and compare the trading profitability from following recommendations between the pre- and post-Reg FD periods. The trading profitability from following recommendations accompanied by LTG issuance is significantly higher in the post-Reg FD period, but not in the pre-Reg FD period. The coefficient on LTGISSijt is significantly positive in the post-Reg FD period (coefficient = 0.652, p-value = 0.004) while it is not significant in the pre-Reg FD period (coefficient = 0.049, p-value = 0.837). 
Turning to control variables, particularly analyst characteristics, there are several interesting things to be noted. The coefficient on BSIZEjt is significantly positive in the pre-Reg FD period (coefficient = 1.025, p-value = 0.000) while it is not significant in the post-Reg FD period (p-value = 0.761), suggesting that in the pre-Reg FD period, the trading profit could be improved when investors follow stock recommendations of analysts from large brokerage houses while this trading strategy does not work well in the post-Reg FD period. These results also imply that analysts from larger brokerage firms make better stock recommendations in the pre-Reg FD period presumably due to better access to private management information (Clement 1999), but Reg FD weakens (in our results, eliminates) the information advantage of analysts working for larger brokerage firms. In addition, in the post-Reg FD period, the coefficients on both FIRM_EXPijt (= 0.677) and EPS_FREQijt (= 0.932) become significantly positive (p-values = 0.011 and 0.001, respectively). Both are not significant in the pre-Reg FD period. These results suggest that the informational environment in the post-Reg FD (i.e., “leveling the playing field” provides better opportunities in terms of stock recommendations for more experienced analysts and hard working analysts.     
Overall, our results support that LTG forecast reflects more effective effort toward issuing recommendations and the effectiveness is more significantly reflected in recommendations when analysts have a level playing ground.  

5.2. Long-term profitability from following analyst’s recommendations accompanied by LTG issuance

Section 4 examines 30-day profitability from following analyst’s recommendations. One possibility is that the larger profitability simply reflects the stock market’s overreaction to recommendations accompanied by LTG issuance. If it is true, the subsequent longer-term window profitability from following recommendations accompanied by LTG issuance would be lower. To rule out this possibility, we examine the cumulative market-adjusted return from following recommendations over the one-year period that starts from 31 days after the recommendation issuance date. Untabulated results show no difference in profitability from following recommendations accompanied by LTG forecast and other recommendations in this period. Therefore, we conclude that the significantly larger profit from following recommendations accompanied by LTG forecasts does not simply reflect the stock market’s overreaction to LTG issuance. 
6. Conclusion

Long-term earnings growth (i.e., LTG) forecasts are widely issued by analysts and are frequently used in firm valuation models (e.g., Gebhardt et al. 2001; Bradshaw 2004). In addition, several empirical models (Botosan and Plumlee 2005) require LTG forecasts to compute the cost of equity capital.
 Despite the great importance of LTG forecasts in accounting and finance, we have very limited knowledge about the role of LTG forecasts in the allocation of resources in capital markets. In fact, prior research demonstrating incentives-related biases, inaccuracy, and value-irrelevance of analysts’ LTG forecasts leaves many readers with the impression that LTG forecasts are irrelevant and should be ignored by astute investors. This impression contradicts the conventional wisdom that analysts expending effort to produce and publish LTG forecasts (or any other statistic) would not survive if the forecasts had no value. This study makes a first attempt to demonstrate the value added by analysts who expend effort to produce and publish LTG forecasts. 
Our empirical results can be summarized as follows. First, we find a significantly larger contemporaneous stock market response to the stock recommendations of analysts who also issue LTG forecasts for the same firms. This result is consistent with our hypothesis that the LTG forecasts reflect a value-enhancing process whereby more capable analysts exert effort to gain an informative long-term perspective of the firm’s prospects, and the market understands and responds to the information advantage of these analysts. Second, we find that investors following analysts’ stock recommendations accompanied by LTG forecasts earn greater risk-adjusted returns than investors who follow analysts’ stock recommendations unaccompanied by LTG forecasts. Again, the evidence suggests that issuance of LTG forecasts reflects effort to gain long-term perspective that pays off in terms of enhancing the value of the analysts’ stock recommendations.  Third, analysts issuing LTG forecasts are less likely to be terminated for job or demoted, consistent with their effort in making LTG forecast and effective application of LTG is making recommendations being rewarded with higher level of job security. 

Only 28% of the stock recommendations in our sample have accompanying LTG forecasts. As summarized above, these recommendations tend to bring more value-relevant information to the market, presumably due to the long-term perspective gained in the LTG forecasting process. An important question for further research is: Why do some analysts issue LTG forecasts while some do not?  Also, what is the role of simple heuristics in analysts’ stock recommendations without accompanying LTG forecasts versus the role of heuristics (if any) in analysts’ stock recommendations that have accompanying LTG forecasts. Finally, given the importance of LTG forecasts in models valuing equity securities and calculating the cost of equity capital, future research might investigate the gap between the apparent inaccuracy and value-irrelevance of the LTG forecasts per se and the apparent underlying importance of the long-term perspective gained by analysts who issue stock recommendations accompanied by LTG forecasts. The latter suggests that analysts may have adjusted for the bias and inaccuracy when they utilize LTG forecasts in formulating recommendations. Thus, perhaps the long-term information imbedded in these analysts’ stock recommendations can be used to adjust the analysts’ LTG forecasts for the biases and inaccuracies documented in prior research. 
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Figure 1

The percentage of firms, analysts, or firm-analysts with LTG forecasts or cash flow forecasts by year

Panel A: Based on firm-analyst-years that have recommendation available in IBES
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Panel B: Based on firm-analyst-years that have one-year ahead earnings forecast available in IBES
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Table 1
Descriptive statistics for H1

Panel A compares the analyst and firm characteristics in the two categories of our sample observations: stock recommendations accompanied by LTG forecasts and stock recommendations unaccompanied by LTG forecasts. Panel B contains correlation coefficients among our variables. 

Definition of variables:

At analyst-firm-recommendation level:

LTGISSijt = 1 if analyst j issues at least one LTG forecast for firm i in fiscal year t, and 0 otherwise.

CARijt = cumulative abnormal stock return over the three trading days surrounding analyst j’s stock recommendation revision for firm i in year t. We calculate 

CAR by subtracting the value-weighted market return from the firm’s raw stock return. For recommendation downgrades, we multiply this difference by -1.

RECijt = recommendation issued by analyst j for firm i in year t. The corresponding numerical values for Strong Buy, Buy, Hold, Sell, and Strong Sell are 1 to 5, 
respectively.

|(RECijt| = the absolute magnitude of changes in the cardinal measures of recommendations. Recommendations of “Strong buy,” “Buy,” “Hold,” “Sell”, and 
“Strong Sell” are assigned numeric values of one to five, respectively.

HORIZONijt= the number of days between the date of analyst j’s first recommendation following firm i’s fiscal year t-1 earnings announcement and the firm’s 
announcement of its annual earnings for fiscal year t. 

CFISSijt = 1 if analyst j issues a cash flow forecast for firm i during fiscal year t.

FIRM_EXPijt = firm-specific experience, calculated as the number of years analyst j has issued one-year-ahead earnings forecasts for firm i up to year t. 

EPS_ACCURij,t-1 = the forecast accuracy of analyst j's last one-year ahead earnings forecast for year t-1. It is a scaled measure of short-term absolute forecast error with smaller absolute forecast error corresponding to more accurate forecast. Short-term forecast error is measured as the absolute difference between I/B/E/S-reported actual earnings and analyst j’s one-year-ahead earnings forecast 
EPS_FREQijt = analyst j's one-year-ahead earnings forecast frequency for firm i in year t.

At analyst-year level:

FIRM#jt = the number of firms analyst j follows in year t.

IND#jt = the number of industries analyst j follows in year t. 

BSIZEjt = analyst j’s broker size, measured as the number of analysts the broker employs in year t. 

At firm-year level:

MBit-1 = firm i’s market value of equity in fiscal year t-1 divided by book value of equity (#199*#25/#60). 

ALTMANZit-1 = Altman’s (1968) Z-score. It is measured as [1.2· net working capital / total assets (data179 / data6) + 1.4· retained earnings / total assets (data36 / data6) + 3.3· earnings before interest and taxes / total assets (data170 / data6) + 0.6· market value of equity / book value of liabilities (data199·data25 / data181) + 1.0 · sales / total assets (data12/data6)]. 

LOSSit-1 = 1 for firms with net loss in year t-1, and 0 otherwise (data18). 

AGEit-1 = the number of years firm i has been publicly traded, computed as subtracting the first year firm i’s stock return is recorded in CRSP from year t-1.

lnMVit-1 = the natural log of firm i’s market value at the end of year t-1 (data25* data199). 

%INSTit-1 = the percent of firm i’s common shares held by institutional investors in year t-1.

EPSISSkijt = 1 if analyst j issues a forecast for firm i‘s k-year ahead earnings during the half year ending on the day of recommendation issuance, and 0 otherwise. k = 2, 3, 4, or 5.
Table 1 
(continued)
In Panel A, a, b, and c indicate that the mean difference between the two groups categorized based on the availability of a LTG forecast is significant at 0.01, 0.05, and 0.10 levels (two-tailed), respectively. In Panel B, to indicate the Pearson or Spearman correlation that is significant at 0.01, 0.05, and 0.10 levels (two-tailed), we use bold, italicized bold, and unitalicized unbold numbers respectively. The italicized unbold numbers are insignificant.

	Panel A: Descriptive statistics of the variables used in tests of H1a and H1b

	 
	LTGISSijt=1
	LTGISSijt=0

	Variable
	n
	mean
	
	Q1
	median
	
	Q3
	n
	mean
	Q1
	median
	Q3
	

	By analyst-firm-recommendation
	
	
	
	
	
	
	
	
	
	
	

	|RECijt|
	9305
	1.358
	
	1.000
	1.000
	
	2.000
	23952
	1.367
	1.000
	1.000
	2.000
	

	RECijt
	9305
	2.216
	a
	1.000
	2.000
	a
	3.000
	23952
	2.256
	1.000
	2.000
	3.000
	

	CARijt
	9305
	0.034
	a
	-0.008
	0.021
	a
	0.060
	23952
	0.030
	-0.010
	0.018
	0.056
	

	HORIZONijt
	9305
	203.556
	a
	115.000
	204.000
	a
	293.000
	23952
	194.003
	106.000
	194.000
	283.000
	

	CFISSijt
	9305
	0.099
	a
	0.000
	0.000
	a
	0.000
	23952
	0.125
	0.000
	0.000
	0.000
	

	EPSISS2ijt
	9305
	0.952
	a
	1.000
	1.000
	a
	1.000
	23952
	0.926
	1.000
	1.000
	1.000
	

	EPSISS3ijt
	9305
	0.242
	a
	0.000
	0.000
	a
	0.000
	23952
	0.198
	0.000
	0.000
	0.000
	

	EPSISS4ijt
	9305
	0.038
	a
	0.000
	0.000
	a
	0.000
	23952
	0.027
	0.000
	0.000
	0.000
	

	EPSISS5ijt
	9305
	0.023
	a
	0.000
	0.000
	a
	0.000
	23952
	0.015
	0.000
	0.000
	0.000
	 

	By analyst-firm-year
	
	
	
	
	
	
	
	
	
	
	

	FIRM_EXPijt
	6942
	3.461
	b
	1.000
	2.000
	a
	5.000
	17201
	3.585
	1.000
	2.000
	5.000
	

	EPS_ACCURij,t-1
	6942
	0.564
	
	0.000
	0.667
	
	1.000
	17201
	0.561
	0.000
	0.667
	1.000
	

	EPS_FREQijt
	6942
	4.850
	
	3.000
	5.000
	
	6.000
	17201
	4.837
	3.000
	5.000
	6.000
	

	By analyst-year 
	
	
	
	
	
	
	
	
	
	
	

	FIRM#jt
	4266
	15.477
	a
	11.000
	14.000
	a
	18.000
	8398
	16.040
	11.000
	15.000
	19.000
	

	IND#jt
	4266
	3.761
	b
	2.000
	3.000
	
	5.000
	8398
	3.874
	2.000
	3.000
	5.000
	

	BSIZEjt
	4266
	71.155
	a
	23.000
	47.000
	a
	91.000
	8398
	66.021
	20.000
	43.000
	86.000
	

	By firm-year
	
	
	
	
	
	
	
	
	
	
	

	MBit
	4046
	5.040
	
	1.765
	2.771
	a
	4.485
	6289
	4.927
	1.654
	2.619
	4.248
	

	ALTMANZit
	4046
	6.259
	b
	2.425
	4.264
	a
	7.159
	6289
	5.801
	2.177
	3.854
	6.773
	

	LOSSit
	4046
	0.195
	a
	0.000
	0.000
	a
	0.000
	6289
	0.222
	0.000
	0.000
	0.000
	

	AGEit
	4046
	15.551
	
	5.000
	10.000
	
	21.000
	6289
	15.642
	5.000
	10.000
	21.000
	

	lnMVit
	4046
	7.477
	a
	6.346
	7.383
	a
	8.544
	6289
	7.318
	6.196
	7.257
	8.364
	

	%INSTit
	4046
	61.625
	b
	47.431
	64.108
	b
	78.274
	6289
	60.604
	45.691
	63.288
	77.630
	


Table 1 

(continued)

Panel B: Pearson correlation (in the lower half) and Spearman correlation (in the upper half) among variables used in tests of H1a and H1b (N = 33,275)
	
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)
	(8)
	(9)
	(10)
	(11)
	(12)
	(13)
	(14)
	(15)
	(16)
	(17)
	(18)

	LTGISS(1)
	1
	-0.008
	-0.016
	0.028
	0.040
	-0.036
	-0.083
	-0.030
	0.026
	-0.025
	0.005
	0.001
	0.050
	0.079
	-0.038
	-0.022
	0.020
	0.005

	|(REC| (2)
	-0.008
	1
	-0.022
	0.027
	-0.010
	0.007
	-0.018
	0.019
	-0.125
	-0.021
	-0.015
	0.008
	-0.015
	-0.005
	0.000
	0.013
	-0.003
	0.026

	REC(3)
	-0.018
	0.025
	1
	0.003
	0.020
	0.042
	0.000
	-0.036
	0.044
	0.026
	-0.011
	0.023
	-0.001
	-0.034
	0.016
	0.068
	0.054
	0.033

	CAR(4)
	0.026
	0.026
	-0.033
	1
	0.009
	-0.014
	-0.017
	-0.030
	0.078
	-0.042
	0.012
	0.044
	-0.052
	-0.001
	0.071
	-0.075
	-0.121
	0.024

	HORIZON
(5)
	0.041
	-0.007
	0.018
	0.022
	1
	-0.014
	-0.024
	0.003
	-0.031
	-0.020
	0.000
	-0.054
	0.002
	-0.004
	0.042
	-0.027
	-0.034
	-0.009

	CFISS(6)
	-0.036
	0.006
	0.041
	-0.027
	-0.014
	1
	0.044
	-0.094
	0.154
	0.062
	0.006
	0.155
	-0.052
	-0.127
	-0.027
	0.076
	0.077
	0.093

	FIRM#(7)
	-0.080
	-0.013
	0.003
	-0.026
	-0.017
	0.014
	1
	0.407
	0.058
	0.236
	-0.009
	0.044
	-0.041
	-0.079
	-0.042
	0.072
	-0.003
	-0.007

	IND#(8)
	-0.045
	0.024
	-0.027
	-0.038
	0.001
	-0.098
	0.521
	1
	-0.194
	0.087
	-0.019
	-0.056
	-0.075
	0.018
	-0.115
	0.038
	-0.133
	0.000

	BSIZE(9)
	0.012
	-0.079
	0.028
	0.037
	-0.031
	0.275
	-0.030
	-0.168
	1
	0.093
	0.038
	0.074
	-0.001
	-0.071
	0.013
	0.036
	0.136
	0.056

	FIRM_
EXP (10)
	-0.018
	-0.021
	0.020
	-0.053
	-0.023
	0.061
	0.197
	0.086
	0.068
	1
	0.015
	0.009
	0.005
	-0.069
	-0.100
	0.364
	0.228
	0.043

	EPS_
ACCUR (11)
	0.004
	-0.019
	-0.006
	0.001
	-0.001
	0.018
	-0.030
	-0.043
	0.033
	0.022
	1
	0.062
	-0.199
	-0.271
	0.167
	0.011
	-0.090
	-0.019

	EPS_FREQ
(12)
	0.001
	0.008
	0.023
	0.013
	-0.050
	0.187
	-0.003
	-0.088
	0.066
	0.017
	0.002
	1
	-0.093
	-0.051
	0.032
	0.056
	0.038
	0.107

	MB(13)
	-0.002
	0.000
	0.008
	-0.019
	-0.001
	0.000
	0.000
	-0.001
	-0.002
	0.001
	-0.001
	-0.008
	1
	0.532
	-0.239
	0.062
	0.453
	-0.005

	ALTMANZ
(14)
	0.038
	-0.023
	-0.028
	-0.021
	0.010
	-0.075
	-0.050
	-0.013
	-0.042
	-0.073
	-0.055
	-0.041
	0.017
	1
	-0.349
	-0.047
	0.181
	0.042

	LOSS(15)
	-0.038
	0.006
	0.024
	0.105
	0.044
	-0.027
	-0.031
	-0.101
	0.026
	-0.095
	0.100
	0.016
	0.018
	-0.177
	1
	-0.193
	-0.290
	-0.072

	AGE(16)
	-0.023
	-0.001
	0.051
	-0.079
	-0.025
	0.059
	0.099
	0.054
	0.045
	0.381
	0.012
	0.040
	0.015
	-0.103
	-0.156
	1
	0.451
	0.060

	lnMV(17)
	0.023
	-0.007
	0.047
	-0.143
	-0.035
	0.069
	0.007
	-0.115
	0.107
	0.250
	-0.057
	0.051
	0.007
	0.169
	-0.292
	0.417
	1
	0.097

	%INST(18)
	0.006
	0.021
	0.028
	0.005
	-0.007
	0.071
	-0.051
	-0.038
	0.057
	0.002
	-0.016
	0.097
	0.003
	0.005
	-0.070
	-0.066
	0.083
	1


Table 2

Contemporaneous stock market reaction to recommendation revisions
This table contains result of estimating the following regression:

CARijt =β0 +β1|(RECijt|*LTGISSijt +β2|(RECijt|*HORIZONijt +
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         (4)

Dependent variable: CARijt = cumulative abnormal stock return over the three trading days following and including the day of analyst j’s stock recommendation revision for firm i in year t. We calculate CAR by subtracting the value-weighted market return from the firm’s raw stock return. For recommendation downgrades, we multiply this difference by −1.

Independent variables: |(RECijt| = the absolute magnitude of changes in the cardinal measures of recommendations. Recommendations of “Strong buy”, “Buy”, “Hold”, “Sell”, and “Strong Sell” are assigned numeric values of one to five, respectively. LTGISSijt = 1 if analyst j issues a LTG forecast for firm i during the half-year prior to and including the day of recommendation revision, and 0 otherwise. 

Control variables:

HORIZONijt= the number of days between the date of analyst j’s recommendation and the firm’s announcement of its annual earnings for fiscal year t.

R_ANALYST CHARACTERISTIC denotes seven variables that control for analyst characteristics explained below. 
CFISSijt = 1 if analyst j issues a cash flow forecast for firm i during fiscal year t. FIRM#jt = the number of firms analyst j follows in fiscal year t. IND#jt = the number of industries analyst j follows in fiscal year t. BSIZEjt = analyst j’s broker size, measured as the number of analysts the broker employs in fiscal year t. FIRM_EXPijt = analyst j’s firm-specific experience, calculated as the number of years analyst j has issued one-year-ahead earnings forecasts for firm i up to fiscal year t. EPS_ACCURij,t-1 = the forecast accuracy of analyst j's last one-year ahead earnings forecast for year t-1. It is a scaled measure of absolute forecast error with smaller absolute forecast error corresponding to more accurate forecast. EPS_FREQijt = analyst j's one-year-ahead earnings forecast frequency for firm i in fiscal year t.

R_FIRM CHARACTERISTIC denotes six variables that control for firm characteristics explained below. 
MBit = firm i’s market value of equity in fiscal year t divided by book value of equity (#199*#25/#60). 
ALTMANZit = Altman’s (1968) Z-score. It is measured as [1.2* net working capital / total assets (data179 / data6) + 1.4* retained earnings / total assets (data36 / data6) + 3.3* earnings before interest and taxes / total assets (data170 / data6) + 0.6* market value of equity / book value of liabilities (data199*data25 / data181) + 1.0* sales / total assets (data12/data6)]. LOSSit = 1 for firms with net loss in year t, and 0 otherwise (data18). AGEit = the number of years firm i has been publicly traded, computed as subtracting the first year firm i’s stock return is recorded in CRSP from year t. lnMVit = the natural log of firm i’s market value at the end of year t (data25* data199). %INSTit = the percent of firm i’s common shares held by institutional investors in year t.
HORIZON and all variables for analyst characteristics are scaled to fall between 0 and 1 among analysts within the same firm-year. All variables for firm characteristics are scaled to fall between 0 and 1 among firms followed by the same analyst during the same year.

Table2

(continued)
	Variable
	Coefficient*100
	t-value
	p-value

	INTERCEPT
	-0.030
	-0.05
	0.963

	LTGISSijt
	-0.303
	-1.04
	0.299

	|RECijt|
	0.750
	1.95
	0.052

	|∆RECijt|·LTGISSijt
	0.478
	2.39
	0.017

	|∆RECijt|·HORIZONijt
	-0.275
	-1.09
	0.275

	|∆RECijt|·CFISSijt
	0.384
	1.37
	0.172

	|∆RECijt|·FIRM#jt
	-0.099
	-0.38
	0.706

	|∆RECijt|·IND#jt
	-0.556
	-2.30
	0.022

	|∆RECijt|·BSIZEjt
	0.005
	0.02
	0.985

	|∆RECijt|·FIRM_EXPijt
	0.243
	1.08
	0.281

	|∆RECijt|·EPS_ACCURij,t-1
	0.089
	0.43
	0.666

	|∆RECijt|·EPS_FREQijt
	-0.087
	-0.38
	0.701

	|∆RECijt|·MBit
	-0.383
	-1.52
	0.129

	|∆RECijt|·ALTMANZit
	0.046
	0.18
	0.854

	|∆RECijt|·LOSSit
	0.586
	2.59
	0.010

	|∆RECijt|·AGEit
	0.081
	0.34
	0.731

	|∆RECijt|·lnMVit
	0.077
	0.29
	0.769

	|∆RECijt|·%INSTit
	-0.048
	-0.20
	0.840

	HORIZONijt
	0.488
	1.33
	0.185

	CFISSijt
	-1.024
	-2.45
	0.014

	FIRM#jt
	0.801
	2.06
	0.039

	IND#jt
	0.526
	1.48
	0.139

	BSIZEjt
	1.138
	3.24
	0.001

	FIRM_EXPijt
	-0.039
	-0.12
	0.905

	EPS_ACCURij,t-1
	-0.088
	-0.29
	0.772

	EPS_FREQijt
	0.774
	2.32
	0.020

	MBit
	0.320
	0.87
	0.386

	ALTMANZit
	-0.173
	-0.48
	0.635

	LOSSit
	0.800
	2.39
	0.017

	AGEit
	-0.258
	-0.75
	0.454

	lnMVit
	-1.433
	-3.70
	0.000

	%INSTit
	-0.090
	-0.26
	0.795

	Industry Fixed Effects
	
	
	YES

	Year Fixed Effects
	
	
	YES

	N
	
	
	33,257

	R-Squared  
	 
	 
	3.72%


Table 3
Profitability of following analysts’ recommendations
This table shows result of estimating the following regression:

FUTURE_CARijt = β0 + β1LTGISSijt + β2HORIZONijt +
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                                                                                                           (5)
Dependent variable: FUTURE_CARijt = market-adjusted stock returns over the lesser of the 30-day period from the recommendation issuance date or until the subsequent recommendation revision by the same analyst. For “Hold,” “Sell,” or “Strong Sell” recommendations, we take the negative of the cumulative market-adjusted returns. 
Independent variables: 
LTGISSijt = 1 if analyst j issues a LTG forecast for firm i during the half year ending on the day of recommendation issuance, and 0 otherwise. EPSISSkijt = 1 if analyst j issues a forecast for firm i‘s k-year ahead earnings during the half year ending on the day of recommendation issuance, and 0 otherwise. k=2, 3, 4, or 5. 

HORIZONijt= the number of days between the date of analyst j’s recommendation and the firm’s announcement of its annual earnings for fiscal year t.

Control variables for analyst characteristics and firm characteristics are as defined in Table 1.

	Variable
	Coefficient*100
	t-value
	p-value

	INTERCEPT
	0.269
	0.48
	0.630

	LTGISSijt
	0.413
	2.53
	0.012

	HORIZONijt
	0.155
	0.75
	0.455

	CFISSijt
	0.197
	0.76
	0.448

	FIRM#jt
	0.198
	0.89
	0.376

	IND#jt
	-0.176
	-0.86
	0.390

	BSIZEjt
	0.483
	2.46
	0.014

	FIRM_EXPijt
	0.538
	2.86
	0.004

	EPS_ACCURij,t-1
	0.036
	0.21
	0.837

	EPS_FREQijt
	0.512
	2.67
	0.008

	MBit
	0.114
	0.54
	0.589

	ALTMANZit
	0.472
	2.24
	0.025

	LOSSit
	0.321
	1.60
	0.110

	AGEit
	0.066
	0.33
	0.743

	lnMVit
	-0.916
	-4.09
	<.0001

	%INSTit
	-0.027
	-0.14
	0.892

	Industry Fixed Effects
	 
	YES

	Year Fixed Effects
	
	 
	YES

	N
	
	 
	42,150

	R-Squared  
	 
	 
	0.35%


Table 4

Descriptive statistics for H2
Panel A compares analyst characteristics in the two categories of analyst-year observations: those that have LTG forecasts and those that do not. Panel B presents the correlation among these variables.

Definition of variables:

PROMOTIONj,t+1 = 1 if analyst j works for a large brokerage house in year t+1 and works for a small brokerage house in year t. A large brokerage house is one that employs more than 25 analysts. Otherwise, it is classified as a small brokerage house (Hong et al. 2000).

DEMOTIONj,t+1 = 1 if analyst j works for a small brokerage house in year t+1 and works for a large brokerage house in year t, and 0 otherwise.

TERMINATIONj,t+1 = 1 if year t+1 is the last year analyst j’s earnings forecast appears in I/B/E/S, and 0 otherwise.

EPS_ACCURjt = the average accuracy rank of analyst j’s last annual earnings forecast for firms followed in year t. The accuracy rank of the last annual earning forecast for each firm followed by analyst j in year t is measured based on equation (3) among all analysts following the same firm in year t. 

BOLDjt = the average boldness rank of analyst j’s first annual earnings forecast for all firms followed in year t. Boldness of each earnings forecast equals the absolute deviation between analyst j’s earnings forecast and the mean of all other analysts’ earliest earnings forecasts for the same firm and year. It is then ranked based on equation (2) and average across all firms followed by analyst j.

LNEXPjt = the logarithm of the number of years since analyst j first issued one-year ahead earnings forecasts for any firm by year t. 

LN#FIRM = the logarithm of the number of firms followed by analyst j in year t.

LN#ANALYST = the logarithm of the average number of analysts following the firms covered by analyst j in year t.

	Panel A: Descriptive statistics of the variables used in tests of H2 (N= 24,775) 

	 
	Analysts-year with LTG forecast issuance (LTGISSjt=1)
	Analysts-year without LTG forecast issuance (LTGISSjt=0)

	Variable
	n
	mean
	 
	Q1
	median
	 
	Q3
	n
	mean
	Q1
	median
	Q3

	Terminationt+1
	15296
	0.101
	b
	0.000
	0.000
	b
	0.000
	9479
	0.110
	0.000
	0.000
	0.000

	Demotiont+1
	15296
	0.024
	
	0.000
	0.000
	
	0.000
	9479
	0.025
	0.000
	0.000
	0.000

	Promotiont+1
	15296
	0.026
	a
	0.000
	0.000
	a
	0.000
	9479
	0.034
	0.000
	0.000
	0.000

	EPS_ACCURjt
	15296
	44.001
	a
	36.377
	43.810
	a
	51.662
	9479
	44.686
	36.031
	44.957
	53.252

	BOLDjt
	15296
	54.186
	
	46.658
	54.057
	
	61.343
	9479
	54.419
	45.990
	53.897
	62.476

	LNEXPjt
	15296
	1.486
	a
	0.693
	1.609
	a
	2.197
	9479
	1.327
	0.693
	1.386
	2.079

	LN#FIRMjt
	15296
	2.211
	a
	1.946
	2.197
	a
	2.565
	9479
	2.116
	1.792
	2.197
	2.565

	LN#ANALYSTjt
	15296
	2.639
	a
	2.364
	2.674
	
	2.959
	9479
	2.611
	2.286
	2.683
	3.008

	LARGE_BROKERt
	15296
	0.732
	a
	0.000
	1.000
	a
	1.000
	9479
	0.591
	0.000
	1.000
	1.000

	%LTGISSjt
	15296
	0.558
	 
	0.333
	0.565
	 
	0.800
	
	
	
	
	


	Panel B: Correlation among variables used in H2
	 
	 
	 
	 
	 
	 

	 
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)
	(8)
	(9)
	(10)
	(11)

	Terminationt+1(1)
	1
	-0.012
	-0.016
	-0.068
	-0.055
	-0.011
	0.021
	-0.047
	-0.059
	0.009
	-0.021

	Demotiont+1(2)
	-0.012
	1
	-0.028
	-0.006
	-0.006
	0.008
	0.016
	0.005
	-0.018
	0.010
	0.112

	Promotiont+1(3)
	-0.016
	-0.028
	1
	-0.020
	-0.020
	-0.011
	0.017
	-0.027
	-0.007
	-0.035
	-0.252

	LTGISSjt(4)
	-0.068
	-0.006
	-0.020
	1
	0.860
	0.070
	-0.074
	0.085
	0.065
	0.005
	0.147

	%LTGISSjt(5) 
	-0.055
	-0.006
	-0.020
	0.860
	1
	0.070
	-0.089
	0.052
	0.005
	0.012
	0.116

	EPS_ACCURjt(6)
	-0.011
	0.008
	-0.011
	0.070
	0.070
	1
	-0.126
	-0.005
	0.002
	0.244
	0.100

	BOLDjt(7)
	0.021
	0.016
	0.017
	-0.074
	-0.089
	-0.126
	1
	-0.012
	0.035
	-0.263
	-0.101

	LNEXPjt(8)
	-0.047
	0.005
	-0.027
	0.085
	0.052
	-0.005
	-0.012
	1
	0.165
	0.046
	0.035

	LN#FIRMjt(9)
	-0.059
	-0.018
	-0.007
	0.065
	0.005
	0.002
	0.035
	0.165
	1
	-0.002
	0.009

	LN#ANALYSTjt(10)
	0.009
	0.010
	-0.035
	0.005
	0.012
	0.244
	-0.263
	0.046
	-0.002
	1
	0.213

	LARGE_BROKERt(11)
	-0.021
	0.112
	-0.252
	0.147
	0.116
	0.100
	-0.101
	0.035
	0.009
	0.213
	1

	 
	(1)
	(2)
	(3)
	(4)
	(5)
	(6)
	(7)
	(8)
	(9)
	(10)
	(11)


Table 5
The effect of LTG forecast issuance on subsequent career outcomes
To test whether issuing LTG forecast affects an analyst’s subsequent career path, we use the following model: 
Probability (CAREER OUTCOMEj,t+1) = β0 + β1LTGISSjt + β2EPS_ACCURjt + β3BOLDjt + β4LNEXPjt + β5LN#FIRMjt + β6LN#ANALYSTjt + εjt          
(5)
Where, Year t is defined as a period between July 1 of year t-1 and June 30 of year t. Year t+1 is defined analogously.  
CAREER OUTCOMEj,t+1 = analyst j’s career outcome in year t+1, including being promoted (PROMOTIONj,t+1), demoted (DEMOTIONj,t+1), or terminated for employment (TERMINATIONj,t+1). 

All other variables are as defined in Table 4.

	 
	[Panel A] Termination
	 
	[Panel B] Demotion
	 
	[Panel C] Promotion

	 
	Coeff
	Chi-Sq
	p-value
	 
	Coeff
	Chi-Sq
	p-value
	 
	Coeff
	Chi-Sq
	p-value

	LTGISSjt 
	-0.166
	7.001
	0.008
	
	-0.231
	2.863
	0.091
	
	-0.007
	0.002
	0.965

	EPS_ACCURjt
	-0.003
	3.090
	0.079
	
	-0.006
	2.423
	0.120
	
	-0.006
	1.876
	0.171

	BOLDjt
	-0.002
	1.173
	0.279
	
	0.005
	2.018
	0.155
	
	-0.005
	1.078
	0.299

	LNEXPjt 
	0.146
	27.404
	<.0001
	
	0.028
	0.233
	0.629
	
	-0.133
	4.083
	0.043

	LN#FIRMjt
	-0.245
	31.128
	<.0001
	
	-0.391
	18.362
	<.0001
	
	-0.044
	0.152
	0.696

	LN#ANALYSTjt
	0.013
	0.058
	0.810
	
	0.044
	0.143
	0.706
	
	0.228
	2.974
	0.085

	Brokerage house fixed effect
	YES
	
	 
	
	YES
	
	 
	
	YES
	
	

	Year fixed effect
	YES
	
	 
	
	YES
	
	 
	
	YES
	
	

	N
	24,775
	
	 
	
	16,787
	
	 
	
	7,988
	
	

	R-Squared  
	0.76%
	
	 
	
	1.23%
	
	 
	
	0.81%
	
	

	
	
	
	
	
	
	
	
	
	
	
	


Table 6
The informativeness of LTG issuance in the pre- and post-Regulation FD periods
Panel A: Contemporaneous stock market reaction to recommendation revisions
	
	Pre-Regulation FD
	Post-Regulation FD

	Variable
	Coefficient*100
	t-value
	p-value
	Coefficient*100
	t-value
	p-value

	INTERCEPT
	0.006
	0.01
	0.995
	3.069
	3.67
	0.000

	LTGISSijt
	0.845
	1.50
	0.134
	0.550
	1.04
	0.299

	|RECijt|
	-0.310
	-0.74
	0.457
	-0.347
	-0.85
	0.393

	|∆RECijt|·LTGISSijt
	0.344
	1.18
	0.236
	0.568
	2.08
	0.037

	|∆RECijt|·HORIZONijt
	-0.138
	-0.38
	0.704
	-0.411
	-1.19
	0.236

	|∆RECijt|·CFISSijt
	0.904
	1.45
	0.146
	0.170
	0.50
	0.616

	|∆RECijt|·FIRM#jt
	-0.234
	-0.63
	0.530
	0.061
	0.16
	0.870

	|∆RECijt|·IND#jt
	-0.333
	-0.92
	0.355
	-0.666
	-2.03
	0.043

	|∆RECijt|·BSIZEjt
	0.436
	1.21
	0.227
	-0.004
	-0.01
	0.991

	|∆RECijt|·FIRM_EXPijt
	-0.030
	-0.09
	0.925
	0.506
	1.61
	0.108

	|∆RECijt|·EPS_ACCURij,t-1
	-0.065
	-0.21
	0.830
	0.273
	0.97
	0.334

	|∆RECijt|·EPS_FREQijt
	-0.313
	-0.97
	0.333
	-0.033
	-0.10
	0.918

	|∆RECijt|·MBit
	0.196
	0.51
	0.613
	-0.684
	-2.04
	0.041

	|∆RECijt|·ALTMANZit
	-0.386
	-1.04
	0.299
	0.252
	0.75
	0.451

	|∆RECijt|·LOSSit
	0.016
	0.05
	0.963
	0.734
	2.40
	0.016

	|∆RECijt|·AGEit
	0.397
	1.15
	0.250
	-0.077
	-0.24
	0.810

	|∆RECijt|·lnMVit
	-0.354
	-0.88
	0.377
	0.426
	1.21
	0.226

	|∆RECijt|·%INSTit
	-0.163
	-0.47
	0.638
	0.033
	0.10
	0.919

	HORIZONijt
	-0.199
	-0.38
	0.703
	0.981
	1.90
	0.057

	CFISSijt
	-1.498
	-1.76
	0.079
	-0.611
	-1.20
	0.229

	FIRM#jt
	0.877
	1.62
	0.105
	0.754
	1.37
	0.170

	IND#jt
	0.172
	0.33
	0.739
	0.730
	1.49
	0.136

	BSIZEjt
	1.346
	2.69
	0.007
	0.534
	1.08
	0.279

	FIRM_EXPijt
	-0.014
	-0.03
	0.977
	-0.197
	-0.42
	0.672

	EPS_ACCURij,t-1
	0.288
	0.66
	0.506
	-0.452
	-1.07
	0.283

	EPS_FREQijt
	1.087
	2.34
	0.019
	0.712
	1.49
	0.135

	MBit
	-0.387
	-0.70
	0.484
	0.655
	1.32
	0.186

	ALTMANZit
	0.304
	0.57
	0.568
	-0.443
	-0.90
	0.370

	LOSSit
	1.149
	2.30
	0.022
	0.804
	1.77
	0.077

	AGEit
	-0.700
	-1.41
	0.157
	-0.046
	-0.10
	0.922

	lnMVit
	-0.336
	-0.58
	0.560
	-2.302
	-4.39
	<.0001

	%INSTit
	0.158
	0.32
	0.752
	-0.330
	-0.69
	0.492

	Industry Fixed Effects
	
	
	YES
	
	
	YES

	Year Fixed Effects
	
	
	YES
	
	
	YES

	N
	
	
	13,744
	
	
	19,513

	R-Squared  
	 
	 
	4.28%
	 
	 
	3.23%


Panel B: The profitability from following stock recommendations
	
	Pre-Regulation FD
	Post-Regulation FD

	Variable
	Coefficient*100
	t-value
	p-value
	Coefficient*100
	t-value
	p-value

	INTERCEPT
	0.423
	0.61
	0.539
	2.272
	3.90
	<.0001

	LTGISSijt
	0.049
	0.21
	0.837
	0.652
	2.91
	0.004

	HORIZONijt
	-0.108
	-0.37
	0.713
	0.341
	1.17
	0.241

	CFISSijt
	-0.368
	-0.68
	0.499
	0.355
	1.17
	0.241

	FIRM#jt
	0.444
	1.41
	0.158
	-0.019
	-0.06
	0.952

	IND#jt
	-0.508
	-1.71
	0.088
	0.142
	0.50
	0.619

	BSIZEjt
	1.025
	3.65
	0.000
	-0.085
	-0.30
	0.761

	FIRM_EXPijt
	0.297
	1.10
	0.270
	0.677
	2.55
	0.011

	EPS_ACCURij,t-1
	-0.053
	-0.21
	0.833
	0.129
	0.53
	0.594

	EPS_FREQijt
	0.154
	0.57
	0.567
	0.932
	3.41
	0.001

	MBit
	0.620
	1.97
	0.049
	-0.346
	-1.21
	0.226

	ALTMANZit
	0.669
	2.20
	0.028
	0.294
	1.00
	0.315

	LOSSit
	0.163
	0.55
	0.583
	0.531
	1.90
	0.057

	AGEit
	-0.277
	-0.96
	0.336
	0.310
	1.10
	0.270

	lnMVit
	-0.363
	-1.09
	0.278
	-1.433
	-4.69
	<.0001

	%INSTit
	0.031
	0.10
	0.917
	-0.248
	-0.89
	0.375

	Industry Fixed Effects
	
	
	YES
	
	
	YES

	Year Fixed Effects
	
	
	YES
	
	
	YES

	N
	
	
	19,553
	
	
	22,597

	R-Squared  
	 
	 
	0.69%
	 
	 
	0.31%


� One prior study infers some value added in the LTG forecasts published by Value Line. That study shows that Value Line publishes LTG forecasts that are more accurate than forecasts based on the average compound annual rate of growth of earnings per share of the ten prior years or those derived from expected returns (Rozeff 1984).


� Results in prior studies of the investment value of stock recommendations are somewhat mixed depending on the samples and research designs. However, a majority of studies generally shows that trading strategies based stock recommendations generate positive risk-adjusted returns if implemented promptly on the date of recommendation.


� Chan et al. (2003) also show that after accounting for dividend yield differences, analysts do not effectively distinguish firms with high versus low future earnings growth rates.


� Groysberg et al. (2008) further document that earnings forecast accuracy is not directly related to the compensation of analysts at a large financial institution. Although they do not specifically investigate LTG forecast accuracy, their evidence is consistent with the inferences of Dechow et al. (2000) noted in the text above.


� Analysts may produce LTG forecasts but choose not to disclose them to I/B/E/S. To the extent that analysts invest significant effort in producing LTG forecasts that they do not disclose to I/B/E/S, the power of our tests declines.


� However, researchers have difficulty in designing measures of optimism and accuracy for LTG forecasts because the LTG forecast horizon and the definition of growth over that horizon are unclear. 


� In section 4, we show a significantly higher likelihood of LTG availability for analysts working for larger brokerage firms and following fewer firms, supporting the argument for time, effort, and resources being the constraints of forecasting LTG.


� In unreported results, we find that stock recommendations of analyst also forecasting LTG are issued earlier than those of analysts without LTG forecasts. 


� Our goal is to identify LTG forecasts that reflect effort potentially helpful in generating stock recommendations.  While the median time between LTG forecast revisions is one year, our tests assume that LTG forecasts issued more than six months prior to the stock recommendation do not reflect information used by analysts in generating that stock recommendation. Results are qualitatively similar when we use a three month or one year cut-off points instead of six months..


� In (unreported) sensitivity tests, we define CAR and FUTURE_CAR using buy-and-hold raw returns and the market model. Results are qualitatively similar for both equations (4) and (5).


� Our tests based on all recommendations without imposing this requirement are qualitatively similar.


� Results of testing H2 based on only analyst-year observations used for testing H1 are qualitatively similar to those using the larger sample. We also examine H2 using all analyst-year observations with one-year ahead earnings forecast. For the same period, there are 26,024 analyst-year observations. The results are qualitatively similar, with more significant p-value for the coefficient on LTGISS for both the job termination and demotion regressions.


� To further examine whether the overall LTG coverage among all firms followed by an analyst is related with subsequent career outcomes, in model (5), we also include the percentage of firms for which an analyst issues LTG forecast (%LTGISSjt). As compared to LTGISSjt, which reflects whether or not an analyst issues a LTG forecast for any firm in a year,  %LTGISSjt better captures the analysts’ overall effort in issuing LTG forecast in that year. The coefficient on %LTGISSjt is insignificant.


� When LTG forecasts are unavailable, the studies sometimes use five-year historical EPS growth as a proxy for LTG (e.g., Gode and Mohanram 2003; Dhaliwal et al. 2007).
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